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Abstract: This paper develops a comprehensive AI risk mitigation proposal for Innovate Software Consulting 
Inc Ltd. The organization operates as an enterprise technology consulting firm. It serves clients across four 
specialized service domains. These domains are Oracle Human Capital Management Cloud, B2B credit risk 
management, healthcare information technology through the electronic Integrated Healthcare Management 
System, and enterprise analytics. The risk management plan addresses three interconnected pillars of AI 
deployment risk. The first pillar covers cybersecurity protections against adversarial attacks, data poisoning, 
model inversion, and deepfake-enabled fraud. The second pillar establishes ethical safeguards that ensure bias 
mitigation, algorithmic fairness, transparency in decision outputs, and responsible AI practices. The third 
strategic pillar focuses on developing and maintaining legal compliance across a comprehensive set of 
regulatory requirements. The compliance strategies developed within this pillar address six distinct governing 
frameworks. These cover data privacy obligations under regional and national law. They also address 
healthcare information protection standards, consumer financial rights protections, and fair lending 
requirements. The emerging obligations introduced by artificial intelligence legislation in the European Union 
are also addressed (Wachter et al., 2017). 

The analytical foundation of this proposal extends beyond the present document. Five strategic deliverables 
completed in prior weeks of the BTC 771 coursework contribute directly to the frameworks, conclusions, and 
recommendations presented here, ensuring that each component of this proposal builds on previously 
established and documented strategic thinking (Koppalkar, 2026). These documents include the organizational 
AI vision statement, the ethical AI governance framework, the AI team structure proposal, the collaborative 
executive review exercise, the enterprise data governance plan, and the AI success measurement framework. 
Two generative AI tools served as strategic review instruments. Claude from Anthropic and Gemini from 
Google independently evaluated the risk management plan from four C-suite executive perspectives. The 
perspectives gathered represented four core organizational functions at the executive level like legal 
governance led by the Chief Legal Counsel, financial oversight led by the Chief Financial Officer, operational 
management led by the Chief Operating Officer, and overall organizational leadership led by the Chief 
Executive Officer (Koppalkar, 2026). The resulting eight structured assessments produced convergent insights 
around regulatory specificity requirements, cost-benefit quantification gaps, operational scalability 
challenges, and strategic communication opportunities. The critical reflection section brings together the 
feedback collected from senior executive stakeholders, assesses the strengths and limitations of the analytical 
methodology applied throughout this study, and presents a structured four-quarter implementation plan. This 
plan is anchored in the governance principles and risk management functions established by the National 
Institute of Standards and Technology AI Risk Management Framework (NIST, 2023). 



Volume 02 - Issue 05 (May 2026)                                  DOI: 10.64823/ijter.2605005                                      ISSN: 3068-109X 
 

 
2125-0427-7987 International Journal of Technology & Emerging Research (IJTER) | www.ijter.org 56 

 

Keywords: AI risk management, cybersecurity, algorithmic bias, regulatory compliance, NIST AI RMF, 
enterprise technology consulting, ethical AI governance, risk mitigation framework, C-suite governance 
simulation, responsible AI deployment, adversarial testing, data governance, stakeholder trust, human-in-the-
loop 
 
I. INTRODUCTION AND STRATEGIC CONTEXT 

Artificial intelligence creates immense value for organizations. It also creates significant risks. These 
risks span cybersecurity vulnerabilities, algorithmic bias, regulatory non-compliance, and operational failures. 
Organizational leaders who neglect AI-related risks place their institutions in a vulnerable position. Financial 
penalties, lasting damage to organizational reputation, and the erosion of trust among key stakeholders are the 
predictable consequences of this neglect. The question facing leadership is no longer whether AI risks need 
to be managed (NIST, 2023). The challenge is how to manage them comprehensively across multiple service 
domains with different regulatory environments and different risk profiles. 

Stradley (2025) emphasizes that AI governance is not merely a regulatory requirement. It is a strategic 
advantage. Organizations that proactively embed fairness, transparency, and security into AI development 
build trust, mitigate liabilities, and position themselves as leaders in responsible AI adoption. This perspective 
guides the risk management approach presented in this paper. The proposal treats risk mitigation not as a 
compliance burden but as a competitive differentiator for Innovate Software Consulting Inc Ltd. 

In January 2023, the National Institute of Standards and Technology formally released its AI Risk 
Management Framework, a document developed to give organizations of all types and sizes a reliable and 
structured methodology for managing the risks their AI systems create and carry. The framework is built 
around four distinct functional areas that together address AI risk from multiple organizational perspectives 
(NIST, 2023). The Govern function establishes policies and accountability mechanisms. The Map function 
contextualizes system use and intended outcomes. The Measure function quantifies risks including 
performance, robustness, and bias. The Manage function implements controls to mitigate identified risks 
(NIST, 2023). This paper aligns each risk mitigation strategy with the appropriate NIST AI RMF function to 
ensure governance coherence across the organization. 

II. ORGANIZATIONAL CONTEXT AND SERVICE DOMAIN RISK PROFILES 
Innovate Software Consulting Inc Ltd serves clients through four specialized practice areas. Each 

practice area carries distinct risk characteristics that demand tailored mitigation approaches. Understanding 
these domain-specific risk profiles is essential for designing an effective enterprise-wide risk management 
framework. 

The Oracle HCM Cloud practice handles sensitive employee data including compensation records, 
performance evaluations, benefits information, and workforce demographics. AI-powered automation in this 
domain must protect personally identifiable information while ensuring that predictive workforce models do 
not produce biased outcomes across protected demographic categories. Client engagements in this domain are 
subject to data privacy requirements that vary by jurisdiction. Client engagements involving individuals 
located within European jurisdictions are subject to the GDPR, a legal framework widely recognized as one 
of the most thorough and far-reaching data privacy laws operating anywhere in the world today. Client 
engagements involving individuals located within the United States do not fall under a single equivalent 
national law. Instead, they are governed by a collection of separate privacy statutes enacted independently by 
individual states each establishing its own particular set of rights for consumers and obligations for the 
organizations that serve them (Solove, 2013).  

The B2B credit risk management division develops automated credit scoring systems, default 
prediction models, and portfolio risk assessment tools. AI models in this domain directly influence financial 
decisions affecting businesses and their access to capital. Two federal laws establish binding requirements for 
any AI system involved in credit-related decisions. The Fair Credit Reporting Act mandates transparency in 
how consumer credit information is collected, used, and reported. Federal law prohibits any organization 
involved in credit decision-making from treating applicants unfairly based on protected personal 
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characteristics. The Equal Credit Opportunity Act makes this prohibition legally binding requiring that credit 
assessments be based on relevant financial factors rather than on attributes such as race, gender, age, or 
national origin (Barocas et al., 2019). Together these statutes impose strict legal standards that AI systems 
operating in the credit domain must satisfy (Barocas et al., 2019). Algorithmic bias in credit scoring can 
produce disparate impact on minority-owned businesses, creating both ethical violations and regulatory 
exposure. 

The healthcare IT practice through the electronic Integrated Healthcare Management System builds 
predictive patient outcome analytics and clinical decision support tools. AI errors in healthcare carry life-
safety consequences that exceed the impact of errors in other domains. HIPAA privacy requirements, FDA 
guidance on AI in medical devices, and clinical validation standards create a complex regulatory landscape. 
The healthcare domain demands the highest levels of model explainability and human-in-the-loop oversight. 

The enterprise analytics division provides business intelligence platforms, data visualization services, 
and advanced statistical modeling capabilities. While the regulatory burden in this domain is generally lighter 
than in healthcare or financial services, the analytics practice still handles confidential client data that requires 
robust security controls and clear data governance protocols. Figure 1 presents the proportional distribution 
of AI risk categories across the four service domains. Cybersecurity threats account for the largest share at 35 
percent. This reflects the growing sophistication of adversarial attacks targeting AI models and data pipelines. 
Ethical and bias risks represent 25 percent of the total risk landscape. Legal and compliance risks account for 
another 25 percent. Operational risks constitute the remaining 15 percent. This distribution informed the 
resource allocation priorities embedded in the implementation roadmap presented later in this paper. 

Figure 1: AI Risk Category Distribution for Enterprise Technology Consulting 

 
Figure 2 illustrates how this risk mitigation proposal draws upon and extends six prior strategic 

documents. The AI vision statement from Week 3 provides the directional foundation (Koppalkar, 2026a). 
The ethical AI framework from Week 4 establishes the fairness, transparency, and accountability principles 
that underpin the ethical risk mitigation pillar (Koppalkar, 2026b). The team structure proposal from Week 5 
defines the hub-and-spoke organizational architecture through which risk governance operates (Koppalkar, 
2026c). The collaborative executive review from Week 6 validates the multi-perspective stress-testing 
methodology used in this assignment (Koppalkar, 2026d). The data governance plan from Week 7 provides 
the data quality, privacy, and lifecycle management protocols that support both cybersecurity and compliance 
objectives (Koppalkar, 2026e). The AI success measurement framework from Week 8 supplies the key 
performance indicators for tracking risk mitigation effectiveness (Koppalkar, 2026f). 
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Figure 2:  Strategic Document Integration Architecture Showing Inputs to the Risk Mitigation Proposal 

 
This cumulative foundation positions Innovate Software Consulting Inc Ltd to address three 

interconnected categories of AI deployment risk. The following plan outlines targeted mitigation strategies 
across cybersecurity, ethics, and legal compliance. Each strategy is grounded in the governance architecture 
and stakeholder commitments established through the prior six deliverables (Koppalkar, 2026a–2026f). 

 
III. AI RISK MANAGEMENT PLAN 
Cybersecurity Risk Mitigation Strategies 

AI systems face a growing array of cybersecurity threats. Stradley (2025) documents that 
cybercriminals used AI-generated deepfake voice technology to execute a 243,000-dollar financial fraud in 
2020. Data poisoning attacks corrupt training datasets to manipulate model behavior. Adversarial attacks alter 
input data to deceive model predictions. Model inversion attacks reverse-engineer trained models to extract 
sensitive training data. Prompt injection attacks manipulate generative AI systems to bypass safety controls. 
Each of these threats requires specific countermeasures integrated into a layered defense strategy. 
Adversarial Testing and Red-Team Protocols 

Every AI model deployed across the four service domains undergoes adversarial testing before 
reaching production. Red-team exercises replicate the types of attacks that AI systems face in real operational 
environments. These simulated attack scenarios test how the system responds to three specific threat types: 
attempts to corrupt training data, efforts to manipulate the inputs the model receives during operation, and 
techniques designed to extract confidential model information from the system (Barreno et al., 2010). These 
exercises run quarterly. The AI Center of Excellence documented in the team structure proposal leads the 
testing program (Koppalkar, 2026c). Testing results feed directly into the risk register maintained under the 
NIST AI RMF Measure function. 
Data Protection and Access Controls 

All data stored within the system and all data moving between system components is protected through 
end-to-end encryption ensuring that information remains unreadable to unauthorized parties regardless of 
where it resides or how it travels. Access to AI models is restricted through a role-based control system that 
limits model interaction to personnel who hold explicit authorization and can demonstrate a documented and 
legitimate business reason for that access (Cavoukian, 2012). Multi-factor authentication guards all 
administrative interfaces. The data governance plan establishes data classification standards that determine 
encryption levels and access tiers for each data category (Koppalkar, 2026e). Automated anomaly detection 
systems monitor inference patterns continuously for signs of unauthorized access or unusual query volumes. 
Incident Response and Recovery 

Dedicated incident response playbooks define escalation paths for each threat category. The response 
time target is two hours from threat detection to initial containment. Model rollback procedures ensure that 
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compromised models can be replaced with verified previous versions within four hours. Post-incident forensic 
analysis identifies root causes and feeds lessons learned into the next quarterly red-team exercise. These 
protocols align with the NIST AI RMF Manage function, which requires organizations to implement controls 
that respond to identified risks. 

Figure 3 presents the threat landscape assessment for the six primary cybersecurity risks facing AI 
deployments. Deepfake fraud scores highest on likelihood at 9 out of 10, reflecting the increasing accessibility 
of voice and video synthesis tools. Data poisoning and adversarial attacks tie for the highest impact score at 
9, reflecting their potential to compromise model integrity across entire service domains. This dual-axis 
assessment informed the prioritization of mitigation investments in the implementation roadmap. 

Figure 3:  AI Cybersecurity Threat Landscape Assessment by Likelihood and Impact 

 
Table 1 presents the cybersecurity risk mitigation strategy matrix. It maps each identified threat 

category to the corresponding control measure, responsible party, implementation timeline, and alignment 
with the NIST AI RMF function. This matrix serves as the primary operational reference for the cybersecurity 
governance program across all four service domains. 

Table 1: Cybersecurity Risk Mitigation Strategy Matrix by Threat Category 
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Ethical Risk Mitigation Strategies 
Algorithmic bias represents one of the most consequential risks in AI deployment. Stradley (2025) 

documents the Apple Card controversy where AI-driven credit limit algorithms produced gender-biased 
outcomes despite Goldman Sachs denying intentional discrimination. Amazon abandoned an AI hiring tool 
that penalized female candidates because the model was trained on historical data reflecting existing gender 
disparities. These cases demonstrate that bias can emerge even when developers have no discriminatory intent. 
The source of bias lies in the data, the model architecture, and the deployment context. 

A wide-ranging international study examined 84 separate AI ethics guidelines published by 
governments, corporations, research institutions, and civil society organizations across multiple countries. The 
analysis identified five ethical principles that appeared with the greatest frequency across this diverse 
collection of documents such as transparency, justice and fairness, the avoidance of harm, accountability, and 
the protection of individual privacy (Jobin et al., 2019). While the five core ethical principles appeared broadly 
across the guidelines examined, the study uncovered a second and equally important finding, organizations 
differ substantially in how they bring these principles to life in practice. Agreement on what to value does not 
automatically produce agreement on how to act on those values. This divergence makes a compelling case for 
developing ethical frameworks that are specific to each organization — frameworks that move beyond broad 
statements of principle and define exactly how those principles will be measured, monitored, and enforced 
within that organization's unique environment (Jobin et al., 2019). 
Bias Detection and Fairness Auditing. 

Every AI model undergoes bias screening before deployment and quarterly thereafter. The screening 
process uses disparate impact analysis with a minimum threshold ratio of 0.80 following the four-fifths rule 
established in the ethical AI framework (Koppalkar, 2026b). For B2B credit risk models, fairness audits 
examine outcomes across business ownership demographics, geographic regions, and industry sectors. For 
healthcare models, audits assess diagnostic accuracy across patient age groups, gender categories, and 
socioeconomic indicators. The audit results feed into the ethical alignment KPI tracked in the AI success 
measurement framework (Koppalkar, 2026f). 

 
Diverse and Representative Training Data 

Training data requirements specify minimum representation thresholds for protected demographic 
categories. The data governance plan establishes four dimensions of data quality: accuracy, relevance, 
diversity, and timeliness (Koppalkar, 2026e). The diversity dimension directly supports bias mitigation by 
ensuring that training datasets reflect the populations affected by model predictions. When the real-world data 
available for model training does not adequately represent the full range of diversity required for fair and 
reliable AI performance, the organization supplements it with artificially generated data. Two established 
generative modeling techniques are used for this purpose: generative adversarial networks and variational 
autoencoders. The use of these techniques is formally documented within the organization's data governance 
plan (Goodfellow et al., 2016). 
Human-in-the-Loop Decision Gates 

High-stakes AI decisions receive mandatory human expert review before reaching end users. In the 
healthcare domain, clinical decision support outputs require physician validation before influencing treatment 
recommendations. In the B2B credit risk domain, automated credit scoring results above certain risk 
thresholds require analyst review. This approach is grounded in the human-centered AI framework developed 
by Shneiderman. That framework argues that AI systems capable of being trusted, used safely, and relied upon 
consistently do not achieve those qualities through full autonomy. They achieve them through deliberate and 
appropriately calibrated levels of human oversight built into their design and operation (Shneiderman, 2022). 
Transparency and Explainability Measures 

Model explanation reports accompany every AI output delivered to clients. These reports use plain 
language to describe the factors that influenced the model’s prediction or recommendation. For credit risk 
models, explanations identify the specific financial indicators that drove the risk score. For healthcare models, 
explanations highlight the clinical data points that triggered diagnostic alerts. This practice supports the 
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transparency principle established in the ethical AI framework and satisfies the explainability requirements of 
GDPR Article 22 and the Equal Credit Opportunity Act. 

Figure 4 tracks the ethical safeguard maturity level across the four service domains against a five-level 
maturity model. All domains have achieved Level 1 and Level 2 maturity. The enterprise analytics domain 
leads at Level 4 and Level 5 due to its earlier adoption of bias detection tools. Healthcare IT lags at higher 
maturity levels due to the additional clinical validation requirements that slow governance implementation. 
The 80 percent target line indicates the minimum maturity completion needed before production deployment 
of new AI models. 

Figure 4:  Ethical Safeguard Maturity Assessment by Service Domain 

 
 
Managing Legal and Regulatory Compliance Risks in AI Deployment 

The legal environment governing artificial intelligence is changing at a pace that organizations cannot 
afford to ignore. Three distinct regulatory developments are reshaping the compliance landscape for 
organizations that develop or deploy AI systems. First, the European Union has introduced a comprehensive 
AI governance law that classifies AI applications by their potential for harm. It reserves the most stringent 
requirements for systems operating where errors carry the greatest consequences, including healthcare and 
law enforcement. Second, European data protection legislation requires that AI-driven processing of personal 
information be conducted transparently and that individuals receive clear and meaningful explanations 
whenever automated processes produce decisions that affect them. Third, proposed legislation in the United 
States would establish formal obligations for companies to assess how their algorithmic systems affect society 
and to implement concrete measures for detecting and correcting discriminatory outputs (Wachter et al., 2017). 
Organizations operating across multiple jurisdictions must maintain compliance with all applicable 
frameworks simultaneously. 
Regulatory Mapping and Gap Assessment 

A regulatory mapping matrix links each AI deployment to its applicable legal frameworks. The matrix 
specifies which regulations apply to each service domain, what compliance actions are required, who bears 
responsibility for compliance verification, and when assessments must occur. Quarterly compliance gap 
assessments identify emerging regulatory changes and evaluate the organization’s readiness to meet new 
requirements. The Chief Data Officer oversees this process through the hub-and-spoke governance structure 
described in the team structure proposal (Koppalkar, 2026c). 

 
Privacy-by-Design and Data Processing Agreements 

Every client engagement begins with a data processing agreement that specifies data retention periods, 
access rights, deletion procedures, and cross-border transfer mechanisms. Privacy impact assessments precede 
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any new AI deployment that processes personal data. The data governance plan requires that privacy controls 
be embedded into system architecture from the design phase rather than added as an afterthought (Koppalkar, 
2026e). This approach follows the privacy-by-design methodology that GDPR Article 25 requires. 
Intellectual Property and Model Ownership 

Client contracts clearly delineate intellectual property rights for AI models developed during 
consulting engagements. Model documentation includes provenance records tracking the training data 
sources, pre-processing steps, and architectural decisions. These records support regulatory compliance 
inquiries and protect both the organization and its clients from intellectual property disputes. Floridi et al. 
(2018) emphasize that responsible AI deployment requires clear governance structures that address ownership, 
accountability, and liability throughout the AI lifecycle. 

Figure 5 displays the current regulatory compliance coverage across seven applicable frameworks. 
GDPR coverage stands at 92 percent, reflecting the organization’s extensive experience with European client 
engagements. The EU AI Act shows the largest gap at 75 percent coverage, which is expected given that full 
enforcement timelines are still evolving. The compliance gap assessments scheduled in the implementation 
roadmap prioritize closing these gaps during the first two quarters of 2026. 

 
Figure 5: Regulatory Framework Coverage Assessment for Innovate Software Consulting 

 
Table 2 presents the regulatory framework applicability matrix. It identifies which legal and 

compliance frameworks apply to each service domain. The matrix clarifies jurisdiction-specific obligations 
and assigns compliance ownership across the organization. 
 

Table 2:  Regulatory Framework Applicability Matrix by Service Domain 
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Strategic Alignment and Stakeholder Trust 
The three pillars of risk mitigation directly support the organizational mission articulated in the AI 

vision statement. Cybersecurity protections preserve the client confidence that sustains long-term consulting 
relationships. Ethical safeguards differentiate Innovate Software Consulting from competitors who treat 
fairness as an afterthought or a marketing claim. Legal compliance enables expansion into highly regulated 
industries where non-compliant competitors cannot operate. Together these strategies create a foundation of 
trust that strengthens client retention, attracts new business in regulated sectors, and positions the organization 
as a responsible AI leader in the enterprise technology market. 

Mikalef and Gupta (2021) found that AI capability directly influences organizational creativity and 
firm performance. However, they also demonstrated that this relationship is mediated by organizational 
learning and knowledge management. Risk management contributes to this learning loop. Every risk 
assessment, every compliance gap analysis, and every incident response create organizational knowledge that 
strengthens future AI deployments. The risk mitigation framework is therefore not merely protective. It is 
generative. It creates the institutional knowledge and governance maturity that enable more ambitious AI 
initiatives over time. Constantinides et al. (2024) argue that organizations navigating AI transformation must 
develop dynamic capabilities that evolve alongside the technology. Embedding risk management into each 
service domain builds precisely these capabilities thereby making the organization more adaptive, more 
trusted, and more competitive with each governance cycle. 

Figure 12 presents a quantitative assessment of how each risk mitigation pillar contributes to four 
critical stakeholder trust outcomes. The legal compliance pillar earns the highest contribution score for 
regulatory trust at ten out of ten. This reflects the direct link between compliance programs and the regulatory 
relationships that determine operational legitimacy in highly regulated industries. Ethical safeguards produce 
the strongest contribution to market positioning, reflecting the growing expectation among clients, investors, 
and regulators that AI-driven organizations operate with demonstrable fairness. Cybersecurity protections 
anchor client retention with a score of nine, confirming that data security is the foundation on which consulting 
relationships are built and sustained (Stradley, 2025; NIST, 2023). 

Figure 12: Three-Pillar Risk Mitigation Contribution to Stakeholder Trust Outcomes 

 

IV. NIST AI RISK MANAGEMENT FRAMEWORK ALIGNMENT 
The NIST AI RMF provides the overarching governance structure for this risk mitigation proposal. 

Each of the four framework functions maps to specific organizational activities, responsible parties, and 
measurement indicators. 
Govern: Establishing Accountability and Policy Architecture 
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The Govern function creates the organizational foundation for AI risk management. The AI Ethics 
Board established in the ethical AI framework provides independent oversight (Koppalkar, 2026b). The Chief 
Data Officer chairs the governance committee and reports to the executive leadership team through the hub-
and-spoke structure (Koppalkar, 2026c). Risk tolerance levels are defined for each service domain based on 
regulatory requirements and client contractual obligations. Governance policies undergo annual review with 
interim updates triggered by significant regulatory changes. 
Map: Contextualizing Risk Across Service Domains 

The Map function identifies the context, stakeholders, and system dependencies for each AI 
deployment. The risk profiles documented for each service domain provide the contextual foundation. 
Stakeholder analysis identifies the parties affected by AI decisions including clients, end users, regulators, 
and the communities in which AI outputs produce downstream effects. The data governance plan maps data 
flows across the organization to identify vulnerability points and compliance boundaries (Koppalkar, 2026e). 
Measure: Quantifying Risk Through KPIs and Audits 

The Measure function quantifies AI risks using the key performance indicators established in the AI 
success measurement framework (Koppalkar, 2026f). Prediction accuracy, regulatory compliance rate, ethical 
alignment score, and human-AI collaboration metrics provide continuous quantitative feedback on risk 
management effectiveness. Quarterly bias audits, adversarial testing results, and compliance gap assessments 
produce the measurement data needed to track governance maturity over time. 
Manage: Implementing Controls and Response Protocols 

The Manage function translates risk measurements into concrete controls and response actions. 
Incident response playbooks define actions for each threat category. Model retraining protocols address 
performance degradation and emerging bias patterns. Escalation procedures ensure that significant risks reach 
executive attention within defined timeframes. The four-quarter implementation roadmap presented in this 
paper provides the Manage function with a structured timeline for deploying and refining controls across all 
service domains. 

Together, the four NIST AI RMF functions form a continuous governance cycle for Innovate Software 
Consulting Inc Ltd. Governing establishes the rules. Mapping clarifies the terrain. Measuring reveals the gaps. 
Managing closes them. This cycle repeats with every new AI deployment, every client engagement, and every 
regulatory update ensuring that governance maturity grows alongside organizational scale (NIST, 2023). The 
following figure presents the current readiness assessment against Year 1 targets across all four functions. 

Figure 6 presents the radar chart comparing current organizational readiness against Year 1 targets 
across the four NIST AI RMF functions. The Govern function shows the strongest current baseline at 78 
percent due to the governance structures already established through prior coursework. The Measure function 
shows the largest gap at 68 percent current versus 90 percent target. This gap reflects the need to operationalize 
the KPI framework from the success measurement assignment into automated monitoring dashboards. 

Table 3 presents the NIST AI RMF function alignment matrix. It links each governance function to 
specific organizational activities, responsible parties, and performance indicators. This matrix supports 
structured implementation of the risk management framework across the four service domains. 
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Figure 6: NIST AI RMF Function Alignment: Current Baseline vs Year 1 Target 

 
Table 3: NIST AI RMF Function Alignment Matrix with Organizational Activities 

 

V. C-SUITE EXECUTIVE FEEDBACK ANALYSIS 
The AI risk management plan was submitted to two generative AI tools for critical review following 

the multi-perspective evaluation methodology established in the Week 6 collaborative exercise (Koppalkar, 
2026d). Claude from Anthropic served as the first evaluation platform. Gemini from Google served as the 
second. Each tool received identical prompts requesting feedback from four C-suite perspectives. The prompts 
instructed each simulated executive to provide specific, evidence-based critique rather than general 
affirmation. The full prompt text appears in Appendices A and B. 
Feedback from Claude  
Chief Legal Counsel Perspective 

The simulated Chief Legal Counsel from Claude praised the multi-jurisdictional regulatory mapping 
as a strong compliance foundation. The feedback highlighted that linking each AI deployment to specific legal 
frameworks demonstrates regulatory maturity that would satisfy board-level scrutiny. However, the review 
identified three gaps. First, the plan lacks specific penalty exposure estimates for non-compliance scenarios. 
Second, AI liability insurance provisions are absent. Third, cross-border data transfer mechanisms under EU 
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adequacy decisions need explicit documentation. The Chief Legal Counsel also recommended adding 
litigation readiness protocols for AI-related disputes, noting that regulatory enforcement actions in AI are 
accelerating globally. 
Chief Financial Officer Perspective 

The CFO simulation from Claude acknowledged that cost reduction targets are realistic and that the 
risk quantification approach is sound. The strategic alignment with business objectives received positive 
assessment. The primary critique focused on the absence of projected return-on-investment timelines for 
compliance investments. The CFO recommended quantifying audit costs per quarter, projecting cyber 
insurance premium requirements, and establishing a three-year budget model for the risk management 
program. This feedback connects directly to the financial ROI KPI in the success measurement framework 
(Koppalkar, 2026f). 
Chief Operating Officer Perspective 

The COO simulation praised the incident response timelines as actionable and the red-team exercise 
program as operationally rigorous. The hub-and-spoke oversight model was assessed as scalable. However, 
the review identified staffing gaps. The plan does not specify how many governance professionals each service 
domain spoke requires for continuous monitoring. The COO recommended adding SLA metrics for model 
retraining cycles and specifying vendor management protocols for third-party AI components. 
Chief Executive Officer Perspective 

The CEO simulation assessed the strategic positioning as compelling. The stakeholder trust framework 
and competitive differentiation narrative received strong endorsement. The CEO recommended establishing 
a board-level reporting cadence that translates technical risk metrics into strategic language. The review also 
suggested connecting risk metrics to investor communications and developing public-facing AI responsibility 
commitments that strengthen the organization’s market positioning. 

Table 4 provides a detailed summary of the C-suite feedback generated by Claude. It organizes the 
critique and recommendations from each executive role across key evaluation dimensions. The table 
highlights both the strengths identified and the priority improvement areas recommended by each simulated 
perspective. 

 
Table 4: Detailed C-Suite Feedback Summary from Claude 
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Feedback from Gemini 
Chief Legal Counsel Perspective 

The Gemini-simulated Chief Legal Counsel assessed the regulatory mapping matrix as a strong 
compliance tool. The quarterly gap assessments demonstrate a proactive compliance posture. The CDO 
oversight structure was deemed appropriate for the organization’s size and complexity. The review 
recommended specifying litigation readiness protocols for AI-related disputes, addressing emerging state-
level AI legislation that is proliferating across multiple U.S. jurisdictions, and including contractual 
indemnification clauses that allocate liability for AI errors between the organization and its clients. 

 
Chief Financial Officer Perspective 

The Gemini CFO simulation framed risk mitigation as a cost avoidance strategy. Compliance 
investments protect against regulatory fines that could dwarf the investment amounts. Fairness audits reduce 
reputational risk exposure that would otherwise threaten client retention. The primary recommendations 
focused on modeling total cost of ownership for the risk infrastructure, benchmarking spending against 
industry averages for AI governance, and providing a three-year budget projection that demonstrates financial 
sustainability. 
Chief Operating Officer Perspective 

The COO review from Gemini praised the adversarial testing protocols as meeting industry standards. 
The anomaly detection systems provide continuous protection beyond scheduled testing cycles. Human-in-
the-loop decision gates are practical for high-stakes decisions. The review raised scalability concerns as the 
client base grows. The COO recommended defining capacity planning for audit teams, including disaster 
recovery protocols for AI system failures, and establishing service level agreements for all governance-related 
activities. 
Chief Executive Officer Perspective 

The Gemini CEO simulation identified ethical AI leadership as a positioning strategy that enables 
growth in regulated industries. Trust-based differentiation offers a sustainable competitive advantage that 
price-based competition cannot replicate. The multi-domain coverage demonstrates strategic breadth. The 
review recommended developing an external communication strategy for the organization’s AI risk posture, 
creating a client-facing risk transparency dashboard, and establishing industry partnerships for shared threat 
intelligence. 

Table 5 presents the detailed C-suite feedback summary from the Gemini evaluation. It documents 
each simulated executive perspective alongside the specific recommendations generated by the tool. 
Comparing Table 5 with Table 4 reveals the convergent and divergent patterns across the two AI platforms. 
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Table 5:  Detailed C-Suite Feedback Summary from Gemini 

 
Figure 7 presents the averaged feedback scores across seven evaluation dimensions for each executive 

role. The CEO perspective shows the highest overall scores. This reflects the strategic level of the evaluation 
where the plan’s vision and positioning received strong endorsement. Cost efficiency scores are lowest across 
all roles, confirming that financial modeling represents the most significant gap. Figure 8 compares average 
scores between Claude and Gemini by executive role. Claude produced marginally higher scores overall. The 
tools showed the closest alignment on CEO assessments and the widest divergence on CFO assessments. This 
pattern suggests that financial analysis quality varies more across AI platforms than strategic or operational 
assessments. 
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Figure 7: C-Suite Executive Feedback Scores by Dimension (Claude and Gemini Average) 

 
Figure 8: AI Tool Feedback Comparison by Executive Role 

 
The convergent and divergent patterns visible in Figures 7 and 8 provide the empirical foundation for 

the critical reflection that follows. The systematic comparison of eight structured assessments across two AI 
platforms and four executive roles surfaces insights that a single-tool or single-perspective review process 
would not produce. The following section synthesizes those insights, identifies tensions, and translates them 
into actionable governance refinements grounded in the scholarly literature on responsible AI deployment. 

VI. CRITICAL REFLECTION 
Synthesis of Key Insights Across Executive Perspectives 

The eight C-suite simulations produced convergent themes that reveal both the strengths and the 
developmental needs of the risk management plan. Three areas of convergence deserve particular attention 
because they emerged consistently across both AI tools and across multiple executive roles. 

The first convergent theme is regulatory specificity. All eight reviews praised the multi-jurisdictional 
approach but called for greater detail. The Chief Legal Counsel perspectives emphasized penalty exposure 
and litigation readiness. The CFO perspectives linked regulatory compliance to financial protection. The CEO 
perspectives connected compliance to strategic credibility. This convergence suggests that the plan’s 
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regulatory coverage is directionally strong but needs quantitative depth. Jobin et al. (2019) found similar 
patterns in their global survey of AI ethics guidelines, where principles were well-articulated but 
operationalization details were frequently lacking. 

The second convergent theme is financial accountability. Both CFO simulations and both CEO 
simulations raised the absence of cost-benefit quantification. The plan describes what strategies cost but does 
not project the returns. Mikalef and Gupta (2021) demonstrated that organizations with clear AI value 
measurement frameworks achieve substantially higher returns from AI investments. This finding validates the 
CFO feedback and connects directly to the financial ROI KPI established in the success measurement 
framework. The risk management plan should extend this KPI to include specific cost-benefit ratios for each 
mitigation strategy. 

The third convergent theme is operational scalability. Both COO simulations questioned whether the 
governance framework can scale as the client base grows. The hub-and-spoke model from the team structure 
proposal provides architectural scalability (Koppalkar, 2026c). However, the risk plan does not specify the 
staffing ratios or capacity planning models needed to operationalize that scalability. This gap represents the 
most actionable improvement opportunity because it affects the organization’s ability to maintain governance 
quality during growth. 

Figure 13 visualizes the intensity with which each convergent feedback theme was raised by each 
executive role across both AI tools. The heat map reveals that regulatory specificity was most strongly 
emphasized by the Chief Legal Counsel, while financial accountability drove the highest intensity responses 
from the CFO and CEO. Operational scalability shows the strongest signal from the COO, consistent with that 
role’s primary accountability for execution capacity and service delivery. Strategic communication and 
transparency received their strongest emphasis from the CEO perspective across both tools. This pattern 
confirms that each convergent theme carries a natural executive ownership, an insight that informs how 
improvement responsibilities should be assigned in the governance team (Jobin et al., 2019; Mikalef & Gupta, 
2021). 

 
Figure 13: Convergent Feedback Theme Intensity by Executive Role Across Both AI Tools 

 
Identification of Tensions and Divergent Perspectives 

The feedback also revealed productive tensions between competing executive priorities. The CFO 
emphasis on cost efficiency sometimes conflicts with the Chief Legal Counsel’s call for comprehensive 
compliance coverage. More extensive compliance programs cost more. This tension is inherent in risk 
management. The resolution lies in risk-based prioritization. Resources should flow first to the highest-impact 
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compliance gaps. Figure 5 shows that HIPAA and FCRA compliance carry the highest impact in their 
respective domains. Closing these gaps first maximizes compliance value per dollar invested. 

A second tension emerged between the COO’s operational feasibility concerns and the CEO’s 
ambitious strategic positioning. The CEO wants to position the organization as an ethical AI leader. The COO 
questions whether the operational infrastructure can support that claim at scale. This tension is healthy. It 
prevents the organization from making public commitments that exceed its governance capacity. Ransbotham 
et al. (2020) found that organizations achieving the greatest value from AI are those that expand capabilities 
incrementally, building on demonstrated competence rather than aspirational claims. 
Refinements and Enhancements Informed by Feedback 

Five priority improvements emerge from the synthesized feedback across all eight simulations. These 
improvements are ranked by the frequency and intensity of the supporting feedback. 

First, develop projected ROI timelines for each risk mitigation investment category. This addresses 
the most consistent CFO critique. Each strategy should include a cost estimate, an expected timeline to 
measurable returns, and a methodology for tracking actual versus projected performance. The financial ROI 
KPI from the success measurement framework provides the measurement foundation. 

Second, create litigation readiness protocols for AI-related disputes. Both Chief Legal Counsel 
simulations recommended this addition. The protocols should specify evidence preservation procedures, 
expert witness identification, regulatory communication templates, and escalation paths to external legal 
counsel. As AI-related litigation increases globally, proactive preparation reduces both legal costs and 
organizational exposure. 

Third, build a board-level reporting dashboard that translates technical risk metrics into strategic 
language. The CEO needs to communicate AI risk posture to board members and investors who may not have 
technical backgrounds. The dashboard should present key metrics graphically, highlight trend directions, flag 
emerging risks, and provide context that connects risk management to business performance. 

Fourth, define staffing models for continuous compliance monitoring. The COO feedback requires the 
organization to specify how many governance professionals each spoke requires at different client volume 
levels. The staffing model should include trigger points for adding capacity, qualifications for governance 
roles, and training requirements for new governance staff. 

Fifth, publish an annual AI responsibility report for external stakeholders. Both CEO simulations 
recommended public-facing transparency. This report communicates the organization’s ethical commitments, 
governance practices, and risk management outcomes to clients, regulators, potential clients, and the broader 
market. Floridi et al. (2018) argue that transparency is a necessary condition for trust in AI systems. An annual 
responsibility report operationalizes this principle at the organizational level. 
Value and Limitations of Generative AI for Executive Simulation 

The generative AI simulation methodology offers three distinct advantages for strategic planning. 
First, it produces rapid, structured feedback from perspectives that a single author may neglect. The process 
generated eight detailed critiques in a fraction of the time that scheduling and conducting eight real executive 
interviews would require. Second, the dual-tool approach reveals platform-specific tendencies. Claude 
emphasized regulatory detail and organizational structure. Gemini favored strategic positioning and external 
communication. This complementarity enriches the feedback corpus beyond what either tool alone would 
produce. 

Third, the simulation identifies blind spots. The cyber insurance recommendation from the Chief Legal 
Counsel simulations would likely emerge in real executive review. But the specific suggestion to join industry 
AI governance consortia from Gemini’s CEO simulation represents a creative strategic recommendation that 
the author had not previously considered. AI simulation earns its value precisely where human cognition 
reaches its limits. Every person approaches a problem through the lens of their existing knowledge, 
assumptions, and cognitive frameworks — cognitive structures that enable efficient thinking but also create 
blind spots. The defining strength of AI simulation is its ability to generate ideas, identify patterns, and surface 
perspectives that exist beyond those blind spots, things the author's existing mental models were structurally 
unable to produce on their own (Shneiderman, 2022).  
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However, significant limitations constrain the methodology’s reliability. The simulated executives 
lack organizational context. They cannot assess whether proposed budgets align with actual financial 
constraints. They cannot evaluate whether the risk posture matches the board’s specific risk appetite. They do 
not have access to competitive intelligence about peer organizations’ governance practices. Shneiderman 
(2022) argues that AI works best when it augments human judgment rather than replacing it. The simulated 
feedback should serve as a structured starting point for real executive dialogue. It should not serve as a 
substitute for genuine C-suite deliberation. 

Additionally, both AI tools tend to produce diplomatically positive assessments. Even when prompted 
for critical feedback, the tools frame critiques constructively rather than confrontationally. Real executives 
facing budget constraints, competitive pressures, and personal accountability may deliver substantially more 
challenging critiques than AI simulations produce. Additionally, the simulations cannot replicate the political 
dynamics, interpersonal trust deficits, or institutional power structures that shape real executive decision-
making. Future iterations of this methodology should experiment with more adversarial prompting strategies 
to elicit harder-edged feedback. 

Figure 9 assesses readiness across eight risk mitigation capability areas. Data encryption leads at 92 
percent readiness. Privacy controls follow at 90 percent. Model explainability trails at 72 percent, representing 
the area requiring the most development investment before all service domains can achieve full deployment 
readiness. 

 
 

Figure 9. 
Risk Mitigation Strategy Readiness Assessment Across Eight Capability Areas 

 
Figure 10 positions each AI application by risk level and business value. Oracle HCM automation 

occupies the ideal low-risk, high-value quadrant. Credit risk AI scoring offers high value but also carries high 
risk due to regulatory intensity. Healthcare diagnostics presents the highest risk profile due to patient safety 
implications. 
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Figure 10:  AI Risk-Benefit Assessment Matrix by Service Domain 

 
Table 6 consolidates the convergent feedback themes identified across all eight C-suite simulations. It 

maps each theme to the executive roles that raised it, the tools that generated it, and the specific refinement 
actions recommended. This table provides the synthesis foundation for the priority improvements outlined in 
this section. 

 
Table 6: Convergent Feedback Themes Across All Eight C-Suite Simulations 
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VII. FOUR-QUARTER IMPLEMENTATION ROADMAP 
The implementation roadmap translates the risk mitigation strategies into a phased deployment plan. 

Each quarter builds upon the preceding quarter’s accomplishments. The roadmap prioritizes foundation 
activities in the first quarter, tool deployment and training in the second, automated monitoring and 
optimization in the third, and full maturation with external reporting in the fourth. 
Quarter 1: Foundation and Assessment 

The first quarter establishes the baseline. Activities include completing a comprehensive risk inventory 
across all four service domains, drafting risk management policies aligned with the NIST AI RMF Govern 
function, forming the cross-functional governance team using the hub-and-spoke model, conducting initial 
baseline measurements against the seven core KPIs, and performing the first regulatory compliance gap 
assessment. The deliverables include a finalized risk register, approved governance policies, and baseline KPI 
scores. 
Quarter 2: Deployment and Integration 

The second quarter deploys the operational infrastructure. Activities include implementing adversarial 
testing tools and scheduling the first red-team exercises, deploying bias detection and fairness auditing 
platforms, conducting staff training on governance protocols and incident response procedures, establishing 
automated anomaly detection systems across data pipelines, and completing the regulatory mapping matrix 
for all active client engagements. The deliverables include operational testing tools, trained governance staff, 
and a populated regulatory matrix. 
Quarter 3: Optimization and Automation 

The third quarter shifts from manual to automated governance. Activities include deploying automated 
KPI monitoring dashboards, conducting the first full quarterly bias audit cycle, implementing continuous 
compliance monitoring tools, performing vendor security assessments for all third-party AI components, and 
creating the board-level risk reporting dashboard. The deliverables include automated dashboards, completed 
bias audit reports, and an operational board reporting system. 
Quarter 4: Maturation and Scaling 

The fourth quarter achieves full operational maturity. Activities include publishing the first annual AI 
responsibility report, conducting a comprehensive governance maturity assessment against industry 
benchmarks, establishing industry partnerships for shared threat intelligence, performing a year-end 
comprehensive risk review with lessons learned documentation, and setting targets for the second-year 
governance plan. The deliverables include a published responsibility report, governance maturity scores, and 
a Year 2 plan. 
Figure 11. 
AI Risk Management Four-Quarter Implementation Roadmap with Key Activities 
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VIII. CONCLUSION 
Managing AI risks in enterprise technology consulting requires sustained commitment across multiple 

organizational dimensions. Cybersecurity protections must keep pace with rapidly evolving threat landscapes. 
Ethical safeguards must ensure that AI systems serve all stakeholders fairly rather than replicating historical 
biases. Legal compliance must navigate a regulatory environment that grows more complex with each 
legislative session. No single strategy addresses all of these challenges. An integrated framework that aligns 
cybersecurity, ethics, and compliance under a coherent governance structure provides the comprehensive 
protection that modern AI deployments demand. 

This risk mitigation proposal demonstrates that Innovate Software Consulting Inc Ltd has built a 
strategic foundation sufficient to support responsible AI deployment across its four service domains. That 
foundation rests on six prior strategic documents, each contributing essential elements. The vision statement 
provides direction. The ethical framework provides principles. The team structure provides organizational 
capacity. The collaborative review provides validation methodology. The data governance plan provides data 
quality assurance. The success measurement framework provides accountability through quantified KPIs. The 
risk mitigation proposal integrates all six contributions into a unified governance approach. 

The C-suite simulation exercise demonstrated that generative AI tools can meaningfully stress-test 
strategic plans when used with appropriate critical distance. The eight simulated reviews identified five 
priority improvements that would strengthen the plan’s regulatory specificity, financial accountability, 
operational scalability, strategic communication, and competitive positioning. These improvements provide a 
concrete development agenda for the governance team in 2026. 

As the European Union AI Act enforcement accelerates, GDPR penalties for AI-related violations 
increase, and emerging U.S. state-level AI legislation expands the compliance landscape, organizations that 
embed risk management into their AI lifecycle will sustain competitive advantage. Those that treat risk 
management as an afterthought will face escalating regulatory exposure, client trust erosion, and market 
disadvantage. Innovate Software Consulting’s commitment to responsible AI deployment, grounded in the 
NIST AI Risk Management Framework and operationalized through the four-quarter implementation 
roadmap, positions the organization to navigate this landscape with confidence, integrity, and strategic clarity. 
Responsible AI deployment is not a destination. It is a continuous organizational practice, one that balances 
the pursuit of innovation with the discipline of governance and the commitment to stakeholder trust that 
defines enduring enterprise leadership (Stradley, 2025). 
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IX. APPENDIX A: PROMPTS USED FOR CLAUDE C-SUITE SIMULATION 
The following prompt template was used for all four C-suite roles in Claude. The bracketed role name 

was replaced for each simulation run.  
Prompt 1: Chief Legal Counsel 
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Prompt 2: Chief Financial Officer (CFO) 
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Prompt 3: Chief Operating Officer (COO) 
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Prompt 4: Chief Executive Officer (CEO) 
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X. APPENDIX B: PROMPTS USED FOR GEMINI C-SUITE SIMULATION 
The following prompt template was used for all four C-suite roles in Gemini. The bracketed role name 

was replaced for each simulation run. 
Prompt 1: Chief Legal Counsel 
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Prompt 2: Chief Financial Officer (CFO) 

 
 
  



Volume 02 - Issue 05 (May 2026)                                  DOI: 10.64823/ijter.2605005                                      ISSN: 3068-109X 
 

 
2125-0427-7987 International Journal of Technology & Emerging Research (IJTER) | www.ijter.org 83 

 

Prompt 3: Chief Operating Officer (COO) 

 
 
  



Volume 02 - Issue 05 (May 2026)                                  DOI: 10.64823/ijter.2605005                                      ISSN: 3068-109X 
 

 
2125-0427-7987 International Journal of Technology & Emerging Research (IJTER) | www.ijter.org 84 

 

Prompt 4: Chief Executive Officer (CEO) 

 


